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Abstract
The response of human immunodeficiency virus type 1 (HIV-1) quasispecies to antiretroviral
therapy is influenced by the ensemble of mutants that composes the evolving population.
Low-abundance subpopulations within HIV-1 quasispecies may determine the viral response
to the administered drug combinations. However, routine sequencing assays available to
clinical laboratories do not recognize HIV-1 minority variants representing less than 25% of
the population. Although several alternative and more sensitive genotyping techniques have
been developed, including next-generation sequencing (NGS) methods, they are usually
very time consuming, expensive and require highly trained personnel, thus becoming unreal-
istic approaches in daily clinical practice. Here we describe the development and testing of a
HIV-1 genotyping DNA microarray that detects and quantifies, in majority and minority viral
subpopulations, relevant mutations and amino acid insertions in 42 codons of the pol gene
associated with drug- and multidrug-resistance to protease (PR) and reverse transcriptase
(RT) inhibitors. A customized bioinformatics protocol has been implemented to analyze the
microarray hybridization data by including a new normalization procedure and a stepwise fil-
tering algorithm, which resulted in the highly accurate (96.33%) detection of positive/negative
signals. This microarray has been tested with 57 subtype B HIV-1 clinical samples extracted
from multi-treated patients, showing an overall identification of 95.53% and 89.24% of the
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queried PR and RT codons, respectively, and enough sensitivity to detect minority subpopu-
lations representing as low as 5–10% of the total quasispecies. The developed genotyping
platform represents an efficient diagnostic and prognostic tool useful to personalize antiviral
treatments in clinical practice.
Introduction
RNA viruses replicate with very high mutation rates, in the range of 10−3 to 10−5 substitutions
per nucleotide copied, as a result of the absent or low proofreading activity of viral RNA-depen-
dent or DNA-dependent RNA polymerases (the latter also called reverse transcriptases, RTs)
[1,2]. Such mutation rates (together with a high frequency of recombination in most viruses
and high replication rates) make RNA viruses to evolve as complex, highly heterogeneous and
dynamic populations of related but non-identical genomes, termed viral quasispecies [3,4].
Quasispecies dynamics is characterized by a continuous process of mutant generation, competi-
tion and selection, which results in the dominance of one or several genomes with high fitness
surrounded by a mutant spectrum [5]. The population complexity of an RNA virus allows it to
occupy a large adaptive landscape from which novel phenotypes may readily emerge, including
rapid selection of mutant virions with decreased sensitivity to antiviral inhibitors. In the case of
human immunodeficiency virus type 1 (HIV-1) different families of antiretroviral drugs have
been used in clinical practice, including Nucleoside/Nucleotide Reverse Transcriptase Inhibi-
tors (NRTIs), Non-Nucleoside Reverse Transcriptase Inhibitors (NNRTIs), Protease Inhibitors
(PIs), Integrase Inhibitors (INIs), Fusion Inhibitors (FIs) and antagonists of CCR5 receptors. In
the frame of HIV-1 quasispecies dynamics, non-suppressive treatment regimens trigger the
selection of viral variants showing mutations and other genetic rearrangements that confer
either resistance to individual drugs or multidrug-resistance [6,7].
As a result of the positive and negative interactions within mutant spectra that compose
the evolving quasispecies, low-frequency viral subpopulations can be selected when environ-
mental conditions change [8,9]. Additionally, experiments using foot-and-mouth disease virus
(FMDV) in cell culture [10,11], and HIV-1 in vivo [12] showed that viral quasispecies may pos-
sess a molecular memory of their past evolutionary history maintained as minority compo-
nents (ranging from 0.1% to 20% of the total number of genomes) within their mutant spectra.
In HIV-1, quasispecies memory reflects the genomes that were dominant at an earlier phase of
the intra-host evolutionary history. Such minority genomes are able to drive the ensuing evo-
lution of the virus during chronic infections, particularly its response to antiretroviral treat-
ments [13]. In HIV-1 infection, drug- and multidrug-resistant minority variants can also be
stored in the form of proviral DNA [14,15]. It is still a matter of debate whether the presence
of mutations that confer decreased sensitivity to antiviral drugs in minority HIV-1 genomes
affects the in vivo efficiency of such inhibitors. The risk of treatment failure has been associated
with the presence of low-frequency baseline resistant mutants in HIV-1 infected patients [16–
24]. In turn, the impact of minority mutations within HIV-1 quasispecies has not been related
with treatment failure in other cases [25–27]. However, from a virological point of view, the
characterization of both majority and minority mutant genomes would be advisable in clinical
practice to make HIV-1 genotyping a predictive tool regarding the expected viral sensitivity to
antiviral drug combinations [3,28,29].
The traditional HIV-1 population or consensus sequencing provides information limited to
the genotype of the predominant or major viral variant, and it fails to detect minority subpop-
ulations represented in less than 25% of the total quasispecies [30,31]. In turn, the sequence
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analysis of a representative number of molecular clones (usually, 20 to 100) derived from the
amplified viral population is a very labour-intensive method, poorly adapted to high-through-
put analysis in clinical laboratories. Over the last decade, next-generation sequencing (NGS)
and single-genome sequencing have revolutionized the genotypic analyses of viral quasispecies
diversity, as they allow a deeper penetration (down to 0.5–1%) into the composition of the
evolving mutant spectrum [32]. NGS has been successfully applied to the screening of drug-
resistance mutations in HIV-1 minority genomes [31,33–35], provided that appropriate cor-
recting algorithms have been implemented to exclude artefactual mutations introduced during
the enzymatic amplification and analytical processes [36,37]. However, drawbacks of NGS-
based techniques still limit their daily applicability in clinical laboratories. Such limitations
include the long time required for completing a sequencing protocol, together with the need
for skilled technical personnel and expert bioinformatics support (essential for handling very
large sequence datasets, analysis and interpretation). Further, the lack of standard in vitro and
in silico methods, as well as the high cost of the sequencing equipment restrains the use of
NGS-based techniques in clinical practice [31,38].
In parallel, several alternative, allele-specific assays have been developed with enough sensi-
tivity to identify low-level drug-resistant variants (usually representing 1–15% of the total pop-
ulation and, in some cases, as low as 0.01%). They include PCR and restriction enzyme
cleavage, allele-specific real-time quantitative PCR, ‘quasispecies diving’ (based on a stepwise,
specific amplification of minority variants), oligonucleotide ligation-based assays, PCR-restric-
tion fragment length polymorphism, as well as different variants of the heteroduplex mobility
and heteroduplex tracking assays (reviewed in [9,28,39–41]). However, the detection of one or
a few mutations at a time limits the usefulness of these assays in clinical practice. In turn,
microarray-based approaches allowed multiplexing allele-specific HIV-1 genotyping assays
[42,43] and showed a good concordance with conventional genotyping methods [44]. The evo-
lution of microarray technology includes primer extension methods based on arrays of immo-
bilized HIV-1-specific oligonucleotides [45] and the development of simple but robust HIV-1
drug-resistance testing microarrays useful in rural African areas [46]. Nevertheless, conven-
tional HIV-1 genotyping microarrays contain a limited and non-customizable number of oli-
gonucleotide probes, and they do not inform about resistance-associated mutations present in
low-abundance viral subpopulations.
Here we describe a novel genotyping DNA microarray platform that informs about a
large variety of drug-resistance mutations and amino acid insertions present in majority
and minority subpopulations of HIV-1 quasispecies. The developed microarray contains a
panel of 160 optimized oligonucleotide probes complementary to viral genomic regions
involved in resistance and multidrug-resistance to NRTIs, NNRTIs and PIs. A customized
bioinformatics protocol has been implemented that includes a new normalization proce-
dure and a stepwise filtering algorithm able to extract all the useful information contained
in each hybridization experiment. Such a protocol has been developed using 17 clonal HIV-
1 samples and selected mixtures of them at different ratios, and further tested with 57 HIV-
1 clinical samples extracted from multi-treated infected patients. A high genotyping accu-
racy has been obtained, while minority subpopulations representing as low as 5–10% of the
total viral quasispecies have been characterized in the analyzed clinical samples. Although
some limitations of the developed microarray have been identified in its current version, its
overall performance, ease of use and cost effectiveness makes this genotyping platform a
useful tool for HIV-1 drug-resistance testing in daily clinical practice, thus paving the way
for personalized antiretroviral therapies.
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Materials and Methods
Origin of HIV-1 samples
Seventeen pure clonal HIV-1 samples were used as the genotyping microarray training set.
Among them, 11 samples included the coding region of the full-length PR (amino acids [aa]
1–99) followed by the first 245 aa of the RT of the HIV-1 pol gene, as previously described
[13,47,48]: 1.95c2, 1.95c4, 1.95c5, 1.95c9, 2.94c5, 2.94c24, 2.94c63, 2.94c64, 5.96c9, 6.95c8 and
9.95c10. Other clonal samples contained the RT sequence alone (aa 31–245) coding for different
amino acid substitutions (together with additional silent mutations): pWT (wild type genotype
corresponding to the HIV-1 HXB2 strain, GenBank accession number K03455), pINS (inser-
tion T69SSS), L2.22 (A62V+T69SSS+K70R+V108I), D67N (A62V+D67N+T69SSS+K70R+
V108I+Y181C), V75I (V75I) and V75T (V75T) [48–50]. The nucleotide sequences of the train-
ing set have been deposited in GenBank (accession numbers KT711098 to KT711114).
In turn, the test set contained 57 retrospective clinical HIV-1 subtype B samples from
patients followed at the HIV Unit of Hospital 12 de Octubre (Madrid, Spain) between 1996
and 1999. All HIV-infected patients provided informed consent for the use of their blood and
plasma samples in HIV research, as requested by the Spanish Law of Biomedical Research.
Samples were stored at the blood plasma bank of the Microbiology Department of Hospital 12
de Octubre and they were fully anonymized before being processed for RNA extraction. Viral
RNA was obtained from plasma samples of patients that experienced two or more treatment
failures despite good adherence to treatment, as defined by viral load increase above 400 HIV-
1 RNA copies/ml in at least two determinations. Their viral loads were distributed as follows: 5
samples showed >105 HIV-1 RNA copies/ml; 20 samples, 104−105 copies/ml; 10 samples,
103−104 copies/ml; 4 samples, <103 copies/ml; 18 samples, unknown viral load.
Preparation of target DNAs for microarray analyses
HIV-1 DNA target molecules corresponding to the training set were amplified from the cloned
sequences using Expand High Fidelity DNA polymerase (EHF, Roche), as specified by the
manufacturer. PCR amplification of the full PR-coding region was carried out using the for-
ward primer 5’PROT2HindIII-P (5’-TCAGAGCAGACCAGAGCCAACAGCCCCACC-3’,
corresponding to nucleotides [nts] 2138 to 2167 of HIV-1 CAM-1 strain, GenBank accession
number D10112) phosphorylated at its 5’-end, and the reverse primer 140RD (5’-CATTGTAC
TGATATCTAATCCCTGG-3’, complementary to positions 2969–2993). In turn, PCR ampli-
fications of the queried codons of the RT-coding region involved the phosphorylated forward
primers RT1-P (5’-CCAAAAGTTAAACAATGGCCATTG-3’, nts 2606–2629) or 55F-P (5’-C
AAAAATTGGGCCTGAAAATCC-3’, nts 2694–2715), and the reverse primers 153RD (5’-TA
TTGCTGGTGATCCTTTCC-3’, nts 3009–3028), 13RD (5’-GTTCATAACCCATCCAAAGG-
3’, nts 3232–3251) or 20RD (5’-ATTGACAGTCCAGCTGTCTTTTTCTGGC-3’, nts 3289–
3316). Longer amplicons containing the PR-RT-coding regions were obtained by PCR amplifi-
cation using as primers 5’PROT2HindIII-P and either 20RD or RT3333R (5’-CCACTAACTT
CTGTATGTCATTG-3’, nts 3311–3333).
DNA targets corresponding to the test set were obtained from the 57 previously described
HIV-1 clinical samples. Viral RNA was extracted from plasma samples using the ‘HIV Sample
Preparation Module’ of the ‘ViroSeq HIV-1 Genotyping System’ (Applied Biosystems), as speci-
fied by the manufacturer. The extracted RNA was retrotranscribed and PCR amplified by means
of the ‘OneStep RT-PCR Kit’ (Qiagen), since this system showed higher sensitivity for samples
with low viral load than other two-step protocols essayed (data not shown). Primers used were
5’PROT1 (5’-AGGCTAATTTTTTAGGGAAAATCTGGCCTTCC-3’, nts 2080–2111) and
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153RD for the PR region, and RT-INI (5’-ACAGTATTAGTAGGACCTACACC-3’, nts 2474–
2496) and RT3333R for the RT region. The RT-PCR amplification of a single amplicon contain-
ing the PR-RT-coding regions involved primers 5’PROT1 and RT3333R, though this approach
showed less efficiency for samples with viral load lower than 104 copies/ml. Upon RT-PCR,
nested PCR amplifications of the PR-coding region were performed with EHF, using the forward
primer 5’PROT2HindIII-P and the reverse primer 140RD (positive amplification was successful
in 53 out of the 57 samples), while those of the RT-coding region involved different combina-
tions of the forward primers RT1-P or 55F-P, and the reverse primers 153RD, 13RD or 20RD
(51 samples amplified). To ensure that bottlenecking effects were not present during the amplifi-
cation of the circulating HIV-1 quasispecies it was checked that, in addition to reactions with
undiluted DNA, nested-PCR amplification gave positive results from 1/10 and 1/100 diluted
samples.
The consensus or population nucleotide sequence of the test set was determined using the
Big Dye Terminator Cycle Sequencing Kit (Applied Biosystems) with ABI Prism 373 DNA
Sequencer and 3730 DNA Analyzer (Applied Biosystems/HITACHI). The composition of the
circulating quasispecies present in the clinical samples was determined by clonal analysis. To
do so, the products of the nested PCR-amplified DNA were cloned using the TOPO TA clon-
ing PCR II Kit (Invitrogen) and the recombinant plasmids were used to transform One Shot
Mach1-T1 (Invitrogen) competent E. coli strain. The sequences of 13 to 34 molecular clones of
both PR and RT regions of each clinical sample (total: 1,162 and 1,092 clonal sequences of the
PR and RT regions, respectively) were obtained and analyzed (GenBank accession numbers
KT711115-KT712275 and KT712276-KT713367).
Microarray design and printing
Antisense DNA oligonucleotides complementary to HIV-1 sequences containing codons
involved in drug-resistance and multidrug-resistance to PR and RT inhibitors were designed.
They spanned the whole PR-coding region and the first 240 codons of the RT (positions 2270
to 3272 of the HIV-1 subtype B pol gene) (Table A in S1 File). Every queried codon was cov-
ered by at least one oligonucleotide containing the wild type sequence and at least one mutant
oligonucleotide. Each oligonucleotide (whose name corresponded to the queried HIV-1
codon) included a ‘C6 amino linker’ group [NH2(CH2)6] at its 5’-end, a 15-mer spacer region
with either (T)15 or (TCC)5 sequence and the specific, 13 to 17 nt-long sequence containing
the queried codon at its central position. The (TCC)5 spacer sequence was used instead of the
(T)15 one when the latter could induce partial self-complementarity with poly-A tracks present
at the specific sequence. Sequence and length of the oligonucleotides were stepwise optimized
in preliminary versions of the microarray (data not shown) to avoid formation of stable hair-
pins and to ensure a proper hybridization with the queried wild type (wt) and mutant codons
in the context of their most common flanking regions, as shown in HIV-1 sequence databases
(http://www.hiv.lanl.gov/content/sequence/HIV/mainpage.html and http://hivdb.stanford.
edu). The calculated melting temperature of all the oligonucleotides was 49–55˚C, most of
them being in the range of 49–51˚C (Table A in S1 File).
Four highly conserved HIV-1 sequences within the PR and RT-coding regions (spanning
codons 25–29 and 94–99 of the PR, as well as 23–28 and 167–171 of the RT) were designed as
internal hybridization positive controls (IHC) (Table A in S1 File). Two unrelated oligonucleo-
tides, lacking any sequence homology with the target HIV-1 region, where included in the
study as negative controls. They are termed G142-15r (whose sequence is complementary to
codons 3625 to 3639 of foot-and-mouth disease virus VP1 coding region) and E142-15r (corre-
sponding to the same FMDV region, with the mutation C3632T). Both control oligonucleotides
A Genotyping Microarray for the Characterization of HIV-1 Majority and Minority Subpopulations
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had previously shown a good performance in DNA microarrays [51]. Thus, a total of 160 differ-
ent probes were synthesized and HPLC-purified (Sigma): 154 probes specific to the queried
HIV-1 codons, 4 positive controls and 2 negative controls. Among the specific probes, 37 of
them corresponded to different variants of 11 PR codons, while 117 covered variants of 31 RT
codons including insertions and deletions in the region 67–70 as well as the multidrug complex
associated to the mutation Q151M [6].
All oligonucleotides were diluted in 1× spotting solution (Telechem-Arrayit) at 50 μM final
concentration, and spotted onto super-epoxy-coated glass slides (Telechem-Arrayit). Spots
containing spotting solution with no oligonucleotide were used as additional negative controls.
Microarrays were printed using a GMS 417 Arrayer (Genetic Microsystems) and defined four
grids or subarrays per slide. Each subarray contained 360 spots arranged in two regions (PR
and RT), every oligonucleotide being printed in duplicate spots of 150 μm in diameter, with a
center-to-center distance of 250 μm (Figure A in S1 File). Each hybridization assay involved
two adjacent subarrays, thus producing four replicates in every probe-target hybridization.
Thus, each printed microarray allowed two independent hybridization experiments.
Microarray hybridization and scanning
Before hybridization, printed microarrays were washed in 2× saline-sodium citrate (SSC)
buffer and 0.1% N-lauryl sarcosine, for 2 min at room temperature, followed by 2 additional
min in 2× SSC, as described [51,52]. This step allowed removing unbound DNA from the
microarray surface and washing the excess of spotting solution. Printed oligonucleotides were
denatured by baking the slides for 2 min in boiling milli-Q water and cooling for 10 sec at
room temperature. The oligonucleotides were immediately fixed by plunging the slides into
ice-cold 100% ethanol for 2 min, followed by centrifugation at 500×g for 1 min (using an
Arrayit minicentrifuge). Microarrays were prehybridized with 20 μl of hybridization buffer
(6× SSC, 0.5% SDS, 1% BSA) for 45 min at 42˚C, under a 24 × 24 mm cover slip in a hybridiza-
tion chamber (Genetix). Finally, the microarrays were washed with distilled water, and dried
by centrifugation.
The phosphorylated strand of the HIV-1 DNA targets to be hybridized was specifically
degraded using lambda exonuclease (New England Biolabs), and the resulting ssDNA was
fluorescently labeled with Alexa Fluor 647, using the Ulysis Alexa Fluor 647 Nucleic Acid
Labeling Kit (Life Technologies) as described [51,53]. Hybridization with the labeled target
(50 ng, equivalent to 0.3 pmol Alexa Fluor 647) was carried out in hybridization buffer at 50˚C
for 3 h, using microarray hybridization chambers (Genetix). Hybridized microarrays were
washed at 45˚C in 2× SSC and 0.1% N-lauryl sarcosine for 5 min, then in 2× SSC for 5 min,
rinsed in 0.2× SSC for 10 sec, and finally in distilled water for 5 min. Slides were dried by cen-
trifugation at 500×g for 1 min and immediately scanned at 635 nm using either GenePix
4000B (Molecular Devices) or G2565AA (Agilent) high resolution microarray scanners. The
reproducibility of the method was assessed in preliminary experiments (not shown) by com-
paring the results of at least five different hybridizations for both PR and RT regions. Microar-
rays were excluded from further analysis when yielding a high background, displaying uneven
fluorescent signal, lacking hybridization signal in the corresponding (PR or RT) HIV-1 posi-
tive control spots, or showing hybridization signals in any of the FMDV negative controls.
Bioinformatics data processing
Datasets. The training set included microarray hybridization data from 17 pure HIV-1
clonal samples (268 hybridization experiments) as well as mixtures of two of these clonal sam-
ples (either pWT/pINS or 1.95c9/2.94c64) at different ratios (in %): 0/100, 1/99, 5/95, 10/90,
A Genotyping Microarray for the Characterization of HIV-1 Majority and Minority Subpopulations
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50/50, 90/10, 95/5, 99/1 and 100/0 (110 hybridizations). The test set was composed of hybrid-
ization data of HIV-1 quasispecies successfully amplified from 53 (PR) and 51 (RT) clinical
samples (119 hybridization experiments).
Image analysis and quantification. Hybridization images were processed using GenePix
Pro 6.0.0.68 (Molecular Devices) software in GenePix Scanner, and ScanArray Express 2.0 (Per-
kin Elmer) in Agilent one. No automatic normalization of images was performed. A number of
variables corresponding to the scanned spots were quantified by both software packages, includ-
ing the median fluorescence intensity in each spot and its respective local background. Addi-
tionally, the microarrays scanned using the GenePix system contained information about the
number of background pixels (BP), while microarrays processed using the ScanArray platform
showed information about the diameter of the spot (DS) and the percentage of foreground sig-
nal higher than the background minus its standard deviation (BSD).
Spots quality control. A stepwise quality control protocol was implemented to exclude
low quality hybridization signals from further analyses. Quality was evaluated at four different
stages: individual spots, overlapping probe signals, duplicated probes and full microarrays. Ini-
tially, spot filters based on either BP or DS were implemented to remove the experimental
noise arising from hybridization experiments and not due to biological variation. The election
of such filters was based on a preliminary study of the distribution of quantified hybridization
data binned as correctly classified or not (with respect to the theoretical hybridization tables,
see below). Spots which did not satisfy this quality control were not considered for further
analysis. The remaining quality control stages are explained below.
Normalization of hybridization signals. Normalization of the data has been recognized
as a necessary pre-processing step in a variety of high-throughput technologies, including
DNA microarrays. All known normalization methods rely on assumptions about data features
that are expected to be invariant across samples. Different normalization protocols have been
developed for gene expression microarrays [54], though there is no consensus on their relative
performance on genotyping microarrays containing a relatively small number of oligonucleo-
tide probes. However, the incorporation of an accurate normalization method in the analysis
was required to trace the array-to-array variability in this study. The selected raw fluorescence
value for each spot was the median foreground signal after subtracting its local background.
Technical replicates for each target-probe hybridization (4 spots per experiment) were clus-
tered together. It was assumed that some of the probes spotted onto each microarray specifi-
cally hybridized to their fully complementary sequences present in the (either unique or
majority/minority subpopulation of) labelled target DNA, thus rendering a positive signal. In
the event that any other residual hybridization signal was present, it was called negative signal
or noise. Therefore, normalization was carried out using a stepwise method. First, since two
different classes of signals (positive or negative) are expected, they were clustered into two
groups using the K-means algorithm [55–57]. Then, after removing the outliers from the posi-
tive group by applying the Grubb’s test [58–60] with a significance level of 0.05, the mean of
the positive signals was obtained. Since most of the hybridization experiments have been per-
formed using target DNA amplicons including either the PR or the RT-coding sequences of
the pol gene, two regions (containing the PR and RT probes, respectively) were separately nor-
malized in each microarray by means of their own mean positive signal. These two values were
used as the normalization factor for each probe by applying the following function:
ǁPSǁ ¼
ffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffi
PNRP
i¼1 IRPi =NRP
PNPS
i¼1 IPSi =NPS
v
u
u
t
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where ǁPSǁ is the normalized probe signal, NRP is the total number of replicas per hybridized
probe (typically, 4), IRP is the signal intensity of a replica probe i, NPS is the total number of
positive probe signals per array region (either PR or RT), and IPS is the intensity of a positive
probe signal i within such a region.
Theoretical hybridization tables. To evaluate the classification accuracy of the method,
tables showing the theoretical hybridization signal of each probe with each hybridized target
molecule (the previously sequenced samples of the training set) were required. The theoretical
hybridization tables were based on the sequence complementarity between probes and targets:
a positive hybridization signal was expected when probe and target are fully complementary,
while the presence of any single mismatch between them (including those at the 5’ or 3’ ends
of their hybridizing sequences) was assigned to a negative signal. Therefore, partial hybridiza-
tions were not allowed in the theoretical tables, assuming that this stringent criterion would
assign any incomplete hybridization events that resist the washing step (e.g., those including
one or two mismatches between probe and target) to false positive signals. In turn, when the
hybridized target sample contained a binary mixture of two HIV-1 clones from the training
set, a theoretical consensus table was generated based on the minimum percentage of each
sequence in the mixture that could be detected. This allowed defining a preliminary threshold
value for each probe, which was further used for the genotyping of clinical samples belonging
to the test set.
Probes calibration. Although the 160 spotted probes were designed to show similar theo-
retical hybridization temperatures (Table A in S1 File), not all of them behaved equally in the
high throughput hybridization experiments performed. Thus, it was necessary to characterize
the response profile of each probe when it hybridized with either its specific target sequence or
an unspecific one. To do so, the normalized hybridization data produced by the training set
was reorganized into groups of positive or negative hybridization signals for each probe, based
on the theoretical hybridization tables previously built. The density of normalized intensities
showed that both signal and noise data could be modelled by distribution functions for each
probe. Particularly, normal and log-normal distributions were fitted to positive and negative
normalized datasets, respectively. Such distributions are expected to be centred at 1 for positive
signals and at 0 for negative signals. Distribution functions parameters were used in further
steps to assess the probability of any observed signal to belong to a positive or negative hybrid-
ization event. For some probes, the characterization of one type of signal (either positive or
negative) was missing due to the absence of this information in the training set (e.g., a probe
containing a mutant codon not hybridizing to any of the available target molecules). In such
cases, the average information derived from the whole training set was used: all the available
normalized data was divided into 2 groups (positive and negative signals) based on the theoret-
ical hybridization tables, and their densities were adjusted to normal and log-normal distribu-
tions (termed general reference curves).
Probes quality control. The poorly discriminant probes were discarded based on the
overlapping area between positive and negative distribution functions, quantified for each
probe by integral calculation. Probes whose overlap was higher than 25% were not consid-
ered for further analysis. Additionally, during the development of consecutive versions of
the HIV-1 genotyping microarray, different probes complementary to certain nucleotide
regions of the viral genome (e.g., those including a given resistance-associated codon in the
context of alternative flanking sequences) were designed and tested. Because of their good
performance, some of the probes containing the same interrogating codon were main-
tained in the final version of the microarray. Thus, to avoid redundant information we
selected, in each hybridization experiment, the equivalent probe that showed the lowest
overlap between its positive and negative distribution functions.
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Full microarrays quality control. Once all useful information from the hybridized micro-
arrays had contributed to the quality control of the probes, the last step consisted in excluding
those microarrays showing an excess of positive signals. The spotted probes explored a variable
number of codons for each position of interest in the PR or RT regions of the pol gene: on aver-
age, a probe for each wt codon sequence and two probes for its alternative mutants. Since the
expected number of positive signals for any sample of the training set should be around 1/3 of
the probes included in each microarray, those showing a higher number of hybridization sig-
nals were discarded.
Classification and evaluation of clinical HIV-1 samples. Once a clinical sample from
the test set was hybridized to the microarray, the cumulative probability difference to belong
to either the positive or negative distribution was computed for each normalized probe signal.
Probabilities were based on the distribution functions previously obtained for each probe
using the training set. As stated above, when either positive or negative hybridization data
were lacking for a given probe, the general reference curves were used. When the absolute
cumulative probability difference was smaller than 0.05, the signal was classified as ‘undefined’
because of the high chance of a wrong classification. A theoretical hybridization table was built
for clinical HIV-1 samples of the test set, based on the previous sequencing and alignment of a
number of clones (13 to 34) of each sample, assuming the preliminary detection threshold per
probe derived from the hybridization of binary mixtures (training set). Thus, to evaluate the
classification accuracy of the method for clinical samples, once a signal was classified as posi-
tive or negative, it was checked if that was in agreement with the theoretical hybridization
table. This rendered the final classification of each hybridization signal as true positive (TP),
true negative (TN), false positive (FP), false negative (FN) or undefined (UD), and allowed
defining the accuracy and sensitivity of the developed genotyping microarray for detecting
minority subpopulations within HIV-1 quasispecies in clinical samples.
Results
Optimization of the genotyping microarray
Preliminary experiments based on our previous experience [51,61–63] were conducted to
compare the performance of control microarrays that were hybridized using different experi-
mental parameters (data not shown). Regarding the preparation of the target molecules, con-
trol experiments advised against the use of streptavidin-coated magnetic beads to obtain
ssDNA by discarding the biotin-labelled strain. Also, our results showed a lower labelling effi-
ciency when either Cy3-dUTP or Cy5-dUTP were incorporated during DNA amplification.
With respect to the spotted probes, a lower overall performance was observed when the (T)15
and (CCT)5 spacers were either not included or shortened (range tested: 7–13 nts), when the
interrogating region of the oligonucleotide was shorter than 15 nts (range tested: 9–14 nts),
and when the queried codon occupied positions outside the interval 7–11 within the interro-
gating 15-mer. The nucleotide sequence of the spotted probes was also stepwise optimized
based on their individual performance in five successive versions (termed I to V) of the micro-
array: for each codon, only the probes showing the highest performance were maintained in
the final version of the genotyping microarray (Figure A in S1 File). Additionally, preliminary
experiments showed a decrease of the overall hybridization efficiency when aldehyde-coated
slides were used, probe oligonucleotides were spotted at concentrations lower than 50 μM
(range tested: 5–45 μM), hybridization solution contained 50% formamide, and hybridization
time was shorter or longer than 3 h (range tested: 1 to 4 h). Microarray hybridization and
washing temperatures were also optimized for point mutation discrimination in systematic
preliminary experiments (ranges tested: 45–58˚C and 40–55˚C for hybridization and washing
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steps, respectively). As a result, the use of the optimized amplification, labelling and hybridiza-
tion conditions described in Materials and Methods rendered useful hybridization data for
most of the clinical samples (53 and 51 successful amplifications out of the 57 initial samples
for the PR and RT, respectively) belonging to the test set, irrespectively of their viral load.
Indeed, the discarded clinical samples did not produce amplification by RT-nested PCR in any
of the conditions and primer combinations assayed, probably due to the presence of a high
number of mutations in their primer-binding regions. The whole set of raw microarray
hybridization data used in this study has been uploaded to Gene Expression Omnibus (GEO)
repository (https://www.ncbi.nlm.nih.gov/geo/), with the accession number GSE90621.
Two examples of microarray hybridizations of wild type PR and RT samples using the opti-
mized experimental conditions described in Materials and Methods are shown in Figure A in
S1 File. All the wild type probes showed a clear hybridization signal in these examples, except
in cases where the hybridized sample contained a variant genotype in a given region, not fully
complementary to the spotted probe (positions M36-PR in panel B as well as L210-3 and
M230-3 in panel C). Also, probes corresponding to RT codons 41 (panels B and C), 236 (B)
and 238 (B) could not hybridize because the labelled target molecules did not include them.
No cross hybridization with the respective mutant probes was observed (except in positions
N67-2 and N70a of panel C), signals were produced in the corresponding positive control
probes (IHC-PR3 and IHC-RT4) and no hybridization signals appeared in any of the negative
controls.
Other examples of hybridized microarrays included signals produced by different mutant
targets belonging to the training and test sets. Figure B in S1 File shows hybridization signals
at different mutant PR probes (I36, I46, L46, V48, V54, V71, T82, V84, M90 and M90-2) and
at mutant or insert-containing RT probes (V62, S68, S69, Ins69a, Ins69b, Ins69c, Ins69d, I75,
T75, I100, E101, I108, M151, M178, C181, I184, H188, K211, Y215, C215 and T238). In turn,
examples of microarrays hybridized with targets belonging to the test set that contained major-
ity and minority variants are shown in Figure C in S1 File. These examples have been chosen
to exemplify concordant and discrepant results among the detected hybridization signals, the
percentages of variants derived from clonal analysis, and the amino acid sequence present at
the queried codon as predicted by population sequence of the sample.
Quantification of microarray hybridization signals and quality control
To quantitatively analyse the performance of the genotyping microarray in terms of accuracy,
specificity and sensitivity, a detailed bioinformatics analysis was designed and carried out. It
was assumed that, although a high number of interrogating probes were tested and optimized
along the different versions of the microarray, some probe-target hybridizations could be either
hindered or impeded due to nucleotide mutations eventually present in the sequences of the
training set at positions adjacent to the queried codons. Thus, once the consensus sequences of
the samples were obtained, the sequence complementarity between the spotted probes and the
hybridized targets was evaluated. This allowed constructing the theoretical hybridization tables
of the training set (Figure D in S1 File).
Then, a stepwise filtering protocol was applied to the hybridized microarray signals from
samples belonging to the training and test sets. The first filtering criterion involved individual
spots quality. The appropriate cut-offs were selected based on control experiments (not
shown) that compared the hybridization with targets from the training set with the expected
results derived from the theoretical hybridization tables. As a result, microarray spots scanned
with the GenePix platform passed the filter if BP > 300, a criterion that discarded most of the
FP but also some of the TP signals. In turn, spots of microarrays analysed with the ScanArray
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platform were accepted if either DS 150 μm, or DS> 150 μm being BSD 40: these criteria
eliminated FP signals while avoiding the filtering of TN ones (Figure E in S1 File). Using these
filters, 0.20% of all hybridized spots from the training set were discarded, while 1.27% (RT
region) and 4.05% (PR region) of spots were discarded from the test set (Table 1).
The fluorescence signal of every probe was normalized with respect to the mean positive
signal of each array region (PR or RT). Such normalized probe signals ǁPSǁ allowed discrimi-
nating between positive and negative hybridizations in most cases (Figure F in S1 File). Then,
positive and negative normalized hybridization datasets for every probe were independently
fitted to normal and log-normal distributions (probe-specific curves), respectively (Figure G
in S1 File). In parallel, general reference curves were constructed for circumventing the lack of
positive and negative signal calibrations for some of the probes included in the microarray.
Indeed, the hybridization of the training set showed that 52 probes (32.90%) produced either
positive or negative signals in different experiments, 9 probes (5.70%, mainly wt) rendered
only positive signals, and 97 probes (61.40%, mainly mutants) produced only negative signals.
The general reference curves, together with two examples of probe-specific curves showing
high and low discrimination power, are shown in Fig 1. Thus, the combination of positive or
negative probe-specific curves with negative or positive general reference curves, when
required, further allowed the classification of signals not previously characterized in the
Table 1. Summary of the stepwise filtering protocol applied to the hybridized microarrays.
Quality control step Feature Discarded features (%)
Training set Test set
1: Spot filter Individual spots 0.20 4.05 (PR spots); 1.27 (RT spots)
2: Probe filter 1 Probes overlapping >25% * 9.09 9.09
3: Probe filter 2 Duplicated probes * 10.13 10.13
4: Array filter Full microarrays 4.46 4.16 (PR region); 0 (RT region)
* The discarded probes in the training set were not used in the test set, while no extra probes were discarded in the test set. As a result, the % of discarded
probes is equal in both sets.
doi:10.1371/journal.pone.0166902.t001
Fig 1. Examples of the density of normalized hybridization signals from the training set and their
corresponding distribution functions for positive and negative data. A) General reference curves; B) Probe-
specific curves for probe Y188a, showing no overlap between positive and negative distribution functions. C)
Probe-specifc curves for probe M230-3, with high overlap between positive and negative distribution functions
(probe discarded during the quality control, see text). The probe-specific curves for the 124 probes that passed
the quality control are shown in Figure G in S1 File. Color code: Red, density of normalized negative hybridization
signals; Blue, fit of the negative data to a log-normal distribution; Black, density of normalized positive
hybridization signals; Green, fit of the positive data to a normal distribution.
doi:10.1371/journal.pone.0166902.g001
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training set. The combination of such general and probe-specific distribution functions was
possible because their parameters were similar: the mean of positive distributions was 0.92 and
0.91 (with standard deviations of 0.33 and 0.30) for general and probe-specific fits, respec-
tively, while the mean of negative distributions was -3.32 and -3.24 (mean standard deviations
of 1.13 and 0.99), respectively.
Positive and negative distribution functions presented certain degree of overlapping in
some of the probes. Thus, though 76% of probes discriminated correctly (overlapping <10%
between the positive and negative distribution curves), 24% of probes showed curves overlap-
ping >10%. Such distinct behaviours were exemplified by probes Y188a and M230-3 in Fig 1B
and 1C. When a maximum overlap of 25% between fitted curves was allowed, 14 probes
(9.09% of the total discriminant ones, being M230-3 one of them) were discarded. Moreover,
when two probes had been designed for detecting the same codon in different sequence back-
grounds, only the one with the lowest overlap between positive and negative curves was main-
tained. Following this criterion, 16 additional probes (10.39% of the total) were excluded
(Table 1). Therefore, as a result of the two-steps probes quality control, the number of discrim-
inant probes remaining for further analysis (of both the training and the test sets) was reduced
from 154 (37 of them belonging to the PR region and 117 to the RT) to 124 (29 in PR and 95 in
RT, Figure G and Table A in S1 File).
The information derived from the spots that passed the first filtering step was used to filter
the probes showing a suboptimal performance. Then, the last quality control step allowed dis-
carding the whole hybridized microarrays when an excess of positive signal was produced due
to unspecific hybridization. To do so, both the number of positive signals per microarray and
the related false positive vs. false negative ratios were plotted (data not shown). This allowed
establishing that microarrays with more than 12 and 35 positive signals at the PR and RT
regions, respectively (around 1/3 of the spotted probes), had to be excluded from further analy-
sis. Thus, 4.46% of the microarrays that were hybridized with the training set and 4.16% of
those hybridized with the test set in the PR region were discarded, while all the microarrays
hybridized with the test and training sets in the RT region passed this last filtering step
(Table 1).
Accuracy in viral genotyping
The overview of the classification of all hybridization signals before filtering is shown in
Table 2. The main source of errors in the training set, the PR and the RT test sets (5.09%, and
9.06% to 9.80%, respectively) were FP signals appearing at probe positions not expected to
show any signal as the sequences of probe and target are not fully complementary (see
Figure D in S1 File). In turn, FN signals were scarce in the training set (1.33%), whereas their
value increased to 2.72% (RT region) and 5.41% (PR) in the test set. Finally, UD spots were
found at levels below 2.15% in both sets.
The increased classification performance upon the 4-step, sequential filtering protocol
applied is shown in Table 3. For the training set, the percentage of correctly classified signals
(i.e. accuracy) increased up to 96.33% upon filtering, while for the test set the accuracy reached
93.53% and 89.24% in PR and RT regions, respectively. Consequently, the filtering protocol
was more effective for the PR signals than for the RT signals of the test set. Among the different
kinds of errors, both FP and FN signals showed a neat reduction during the stepwise filtering,
while UD signals were less affected by the process. The classification accuracy in the training
set after the filtering protocol is graphically depicted in Figure H in S1 File, where probes that
still accumulated most of the FP signals (i.e. I46-PR, K65-2, D67a-2 and E219) and FN ones
(Y181) were clearly identified.
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The distribution of genotyping errors per probe was further analysed in all the hybridised
clinical samples belonging to the test set (Figure I in S1 File). It is evident that most of the
errors were accumulated in a limited number of probes with partially overlapping curves (in
the range 10–25%) that were not excluded during the filtering process, as exemplified by probe
R103-3 (overlapping area of 11.3% and 18 classification errors). However, in probes Y188a
and V108-2 the source of errors (18 and 20, respectively) was independent of the overlapping
area between their fitted curves. Of interest, none of these three probes accumulating the high-
est number of errors is especially relevant for genotyping HIV-1 drug-resistance variants. In
turn, a subset of the hybridized clinical samples was responsible for most of the errors (in par-
ticular A23, A26, A44 and A55, with 22 errors each of them, Figure I in S1 File), due to the fact
that the HIV-1 quasispecies circulating in those multi-treated patients accumulated a high
number of mutations at positions adjacent to the queried codons.
Sensitivity of detection for minority HIV-1 subpopulations
Binary mixtures of pure clonal samples at known ratios were used for a preliminary explora-
tion of the sensitivity of this microarray at detecting minority subpopulations in HIV-1 quasis-
pecies. These mixtures involved either samples 1.95c9/2.94c64 (62 microarrays) or pWT/pINS
(48 microarrays). The theoretical hybridization tables of these pure samples and their mixtures
are shown in Figure J in S1 File, and the 7 non-redundant probes at which a differential
hybridization is expected at the RT region between the samples in each mixture is depicted in
Fig 2A. The hybridization of these binary mixtures with the microarray, after the correspond-
ing stepwise filtering process of the signals (Table B in S1 File), produced the results summa-
rized in Fig 2B.
Each of the probes presented a characteristic detection sensitivity for minority genomes. In
the mixture 1.95c9/2.94c64, probes K211-2 and R211-2 showed positive signals in all
Table 2. Genotyping accuracy of the microarray with samples from the training and the test sets, cal-
culated by comparing the experimental hybridization signals with the expected signals derived from
the theoretical hybridization tables.
Signals Classification accuracy (% of signals) before filtering
Training Set(PR+RT) Test Set
PR RT
Correct 93.04 84.42 85.27
False Positives (FP) 5.09 9.06 9.80
False Negatives (FN) 1.33 5.41 2.72
Undefined (UD) 0.54 1.11 2.15
doi:10.1371/journal.pone.0166902.t002
Table 3. Genotyping accuracy of the microarray after the stepwise filtering approach.
Signals Classification accuracy (% of signals)
Step 1: Spot filter Step 2: Probe filter 1
(overlapped)
Step 3: Probe filter 2
(duplications)
Step 4: Array filter
Trai-ning set Test set Trai-ning set Test set Trai-ning set Test set Trai-ning set Test set
PR RT PR RT PR RT PR RT
Correct 94.01 86.00 86.09 96.37 92.42 88.48 95.43 92.14 89.24 96.33 93.53 89.24
FP 3.99 7.62 9.54 2.63 4.70 7.14 3.06 4.89 6.87 2.19 3.84 6.87
FN 1.61 5.39 2.50 0.52 2.21 2.40 1.02 2.13 2.26 1.07 2.16 2.26
UD 0.40 0.99 1.87 0.48 0.67 1.99 0.49 0.85 1.64 0.41 0.48 1.64
doi:10.1371/journal.pone.0166902.t003
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hybridization experiments where their specific targets were present at percentages of at least
10%. Furthermore, in 50% of the experiments (31 of 62 microarrays) these probes showed a
neat hybridization signal when their specific targets were present at proportions of 5% in the
mixture. In turn, using the mixture pWT/pINS, 4 out of the 5 selected discriminating probes
showed a positive signal when their specific targets were present at percentages ranging from
10% to 50%, being D67a-2 the only probe able to detect minority genomes at proportions of
10%. Unfortunately, the probe Ins69c produced FP signals even when its specific target (pINS)
was not present in the mixture (as anticipated by the overlapping between their positive and
negative distribution functions, Figure G in S1 File).
Given the variable detection thresholds obtained for the different probes analysed, as well
as the limited number of available mixtures of pure clonal samples, a cut-off of 10% was set as
the preliminary sensitivity threshold for the detection of minority subpopulations within the
Fig 2. Detection sensitivity, estimated based on binary mixtures of pure samples. A) Theoretical hybridization
tables of the pure samples used in the mixtures (1.95c9/2.94c64 and pWT/pINS) presenting 7 discriminating
probes. Color code: Red, expected positive hybridization; White, expected negative hybridization. B) Rate at which
each sample in the mixture produces a positive hybridization with each probe identified in panel A. Bar shows the
transition from white (positive signal not detected) to red (positive signal detected in all the hybridization
experiments).
doi:10.1371/journal.pone.0166902.g002
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quasispecies. This value was used to build the theoretical hybridization tables of the clinical
samples belonging to the test set once their quasispecies composition was analysed by clonal
sequencing (see below). Still, the results obtained with the mixture 1.95c9/2.94c64 suggest that
the maximum sensitivity of the microarray for detecting minority genomes could reach a
value of 5%.
Detection of minority variants in clinical HIV-1 samples
Before hybridizing the microarrays with the test set samples, the genetic variants present in the
quasispecies at each queried codon were characterized by sequencing between 13 to 34 clones
(mean: 22) isolated from each sample. After aligning the sequences, the percentage of clones
containing each queried codon was quantified, and the results were graphically depicted for
the PR and RT regions (Figure K in S1 File). Among the 970 events of perfect probe-target
matching in the whole test set, 92.5% of them corresponded to signals produced by majority
sequences accounting for 90 to 100% of the quasispecies (Figure K in S1 File). Remarkably,
7.5% of the probe-target complementarities were due to minority sequences present at propor-
tions lower than 20% in their corresponding sample. The distribution of these minority sub-
populations in three intervals (1.00–4.99%, 5.00–9.99% and 10.00–19.99% of the quasispecies)
is shown in Table C in S1 File. The theoretical hybridization tables corresponding to these clin-
ical samples were constructed, assuming a sensitivity detection threshold preliminarily set to
10% (Figure L in S1 File).
All clinical samples (test set) were hybridized to microarrays, and the resulting signals were
filtered using the previously described stepwise protocol. Then, the comparison of the theoreti-
cal hybridization tables (Figure L in S1 File) with the experimental hybridization data showed
the classification accuracy of the microarray (Fig 3). Overall, 72.1% of all the expected positive
signals in PR probes, and 79.5% in RT ones were successfully detected by the developed micro-
array (Fig 4). In the PR region, minority subpopulations in the interval 1.00–9.99% could not
be detected, while those represented at proportions of 10–49.99% where correctly detected in
85.7% of the cases. In turn, probes corresponding to the RT region showed higher sensitivity
for detecting minority subpopulations at proportions of 1.00–4.99% (41.2% of the cases), 5.00–
9.99% (53.8%), and 10.00–49.99% (79.2%). Additionally, only 6 of the probes failed in the
detection of variants present at proportions 50% (L46-PR, V71-PR-2, V62, N68, I106-2 and
I184), and 2 FN signals were produced in probes I108-2 and T215b-2 when hybridizing with
targets that contained their complementary sequences at proportion 99%. Noticeably, no FP
signals were detected in any of the hybridization experiments involving clinical samples.
Regarding the performance of individual probes, it was evidenced that even those probes
showing a limited sensitivity to detect minority genomes in binary mixtures of pure clones
(S68, T69b and K70a, Fig 2B) did hybridize with clinical samples that contained the comple-
mentary sequences at proportions of only 1.00–4.99% of the quasispecies (e.g., sample A20, Fig
3B). Therefore, although the use of binary mixtures of clonal samples was useful to set a pre-
liminary detection threshold to 10%, such value did not define the maximum sensitivity of the
microarray for detecting minority subpopulations in clinical HIV-1 samples.
Discussion
High-throughput, cost-effective, accurate and sensitive HIV-1 drug resistance detection assays
are currently needed in the clinical practice. Although the detection of resistance mutations in
minority HIV-1 subpopulations has not been unequivocally associated to a better prognostic
value and a more efficient design of treatment strategies [25–27], a growing number of studies
have linked the risk of treatment failure with the presence of low-frequency drug-resistant
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mutants in the circulating HIV-1 quasispecies [16–24]. Therefore, novel genotyping platforms
should be able to detect and quantify the presence of drug- and multidrug-resistance muta-
tions both in majority and minority genomes within the intrahost population. Over the past
decade, two types of HIV-1 genotypic assays, sequencing-based and allele-specific, have been
developed to detect point mutations related to antiviral drug-resistance. Conventional
sequencing-based methods, including commercially available HIV-1 genotyping assays Tru-
Gene [64] and ViroSeq [65], have been widely used in the clinical practice. They detect all the
mutations present in the analyzed consensus sequence of the viral population, though they are
Fig 3. Classification accuracy of the hybridized clinical samples that contained minority subpopulations within their mutant spectra. Columns:
probes included in the microarray corresponding to the PR (A) and RT (B) regions that passed the stepwise filtering protocol. Rows: hybridized samples.
Color code: Dark green, correctly classified signal (TP or TN); Dark red, FN signal; Red, FP signal; Black, UD signal; Light green, no data (i.e. individual
spots discarded during the quality control or by probe absence in some versions of the microarray).
doi:10.1371/journal.pone.0166902.g003
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not sensitive enough to detect low-abundance mutations below a threshold of 25–30% [30,31].
Currently, NGS-based approaches are highly sensitive for detecting drug-resistance mutations
in minority subpopulations [32,34,35], though these assays require highly technical/bioinfor-
matics skills and are still too expensive to be a realistic option in most clinical laboratories.
Indeed, the conventional genotyping and NGS-based commercial tests used for the detection
of HIV-1 resistant variants have been recently discontinued. Therefore, alternative genotyping
technologies are being requested by many different clinical HIV-1 departments that have no
access to home-made genotyping tests.
In turn, DNA microarray technology has been explored as a fast, cheap and straightforward
HIV-1 genotyping approach that, in combination with a customized bioinformatics analysis,
can be adapted to high-throughput detection of low-abundance mutations in clinical practice.
In the present study, we have developed a genotyping microarray that contains 160 oligonucle-
otide probes (optimized along different versions of the microarray) complementary to HIV-1
codons involved in drug- and multidrug-resistance to PIs, NRTIs and NNRTIs. Of interest,
not only nucleotide mutations but also codon insertions and deletions have been included in
the spotted oligonucleotide variants. 17 clonal HIV-1 samples and selected mixtures of them at
different ratios have been used as the training set, while 57 HIV-1 clinical samples extracted
from multi-treated infected patients constituted the test set.
Fig 4. Detection of minority variants in clinical samples by the genotyping microarray. Columns: probes included in the microarray belonging to the
PR (A) and RT (B) regions that passed the stepwise filtering protocol. Color code: Green, hybridization signal produced at the corresponding probe when
the complementary target is present within a given rate (shown on the right side of each panel) in the quasispecies; White, lack of detection of an expected
signal; Black, no data available (the sequence complementary to the queried codon is not present in any of the clinical samples at the corresponding
percentage range).
doi:10.1371/journal.pone.0166902.g004
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Once the hybridization protocol was optimized, the developed bioinformatics filtering
protocol allowed discarding a number of low quality individual spots and probes without
compromising the number of good quality, full microarrays to be kept for analysis. Therefore,
such a stepwise procedure maximized the recovery of useful information from the experimen-
tal data. Indeed, before applying such filtering, 9.7% of the microarrays that were hybridized
with samples from the training set and 12.6% of those hybridized with clinical samples (8.4%
of the PR region and 4.2% of the RT) showed an excess of positive signals that would have rec-
ommend their elimination. Nevertheless, after the individual filtering of spots and probes, the
amount of full microarrays to be discarded decreased to 4.46% in the training set and 4.16%
(PR arrays) or even 0% (RT arrays) in the test set (Table 1).
It became evident that quality control filters must be applied sequentially and following a
specific order to maximize classification accuracy as each filter progressively and differentially
decreases the rate of FP and FN signals. Thus, with our proposed four-steps sequential filtering
protocol, the ratio of correctly classified data significantly increased in both the training and
the test sets, concomitantly to a neat reduction of FP and FN signals (Table 3). On the con-
trary, the negligible fraction of UD spots (from 0.54% to 2.15%) was not significantly affected
by the stepwise filtering process and should be assumed as a limitation of this genotyping
microarray in its present form. In any case, after the stepwise filtering protocol FP signals
remained the main source of errors in both the training (2.19%) and the test (3.84 to 6.87%)
sets (Table 3). The main reason for this is that only perfect probe-target complementarity had
been assigned to ‘expected hybridizations’ in the theoretical hybridization tables, assuming
that any single mismatch between probe and target must always produce a negative hybridiza-
tion signal. The experimental hybridization of a large number of microarrays has shown that
this rather conservative criterion does not take into account that partial, though stable, hybrid-
izations (in particular, when point mutations affect the 5’ or 3’ ends of the hybridizing
sequences) are relatively frequent, regardless of the fact that the washing step had been opti-
mized for increasing the overall performance of this genotyping microarray.
In turn, a fraction of the detected FN signals is due to the limitation that some target sam-
ples show a number of mutant nucleotides at the vicinity of the queried codon, thus preventing
the correct hybridization to its corresponding and adjacent probes. This is exemplified by the
target pINS of the training set: a TP signal is consistently obtained at probe Ins69c, while
probes designed to cover positions 67, 68, 69 and 70 cannot hybridize to this target due to the
silent mutations that accompany the genotype T69SSS [47,48]. Certain regions of the PR (e.g.,
at codons 46–48 and 82–90) and the RT (e.g., codons 67–70 and 210–215) are prone to accu-
mulate a number of accompanying point mutations. Additionally, the sequences covered by
contiguous probes often overlap, in such a way that a mutation in the target sample could
affect its hybridization to probes adjacent to the one containing the queried codon. This is the
case in codons 46–50 of the PR, as well as 65–70, 100–106, 179–184 and 210–215 of the RT.
These facts limit the hybridization options in the neighbouring probe molecules even after the
sequential optimization of the number and sequence of the spotted probes along the different
versions of the microarray. Such effects, inherent to the genotyping of HIV-1 resistance muta-
tions, are of special relevance in the cohort of clinical samples chosen for the test set, since they
have been obtained from multi-treated patients that had received a number of complex drug
combinations and thus showed numerous resistance mutations and accompanying silent
mutations at the time of the sampling. However, the stepwise filtering protocol applied
reduced the FN signals to values of 1.07% and 2.16–2.26% in the training and test sets, respec-
tively (Table 3).
During the quality control protocol performed, 30 out of the 154 spotted probes were dis-
carded. Interestingly, the vast majority of the discarded probes corresponded to redundant
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versions of some of them, which were designed to hybridize to the queried codons in different
sequence contexts. Thus, probes complementary to the key HIV-1 codons involved in antiviral
resistance and multidrug-resistance to NRTI and NNRTI (including different nucleotide
insertions between RT codons 69 and 70, and the genotype associated with the Q151M com-
plex) [7] were maintained after the filtering process (Tables A and D in S1 File). Concerning
PIs, the only relevant probes that were discarded (and that should be redesigned in a further
version of the microarray) correspond to the variants L90 and M90 of the PR.
The filtering protocol performed was also useful for identifying individual probes that com-
promise the overall accuracy of the genotyping microarray, thus being clear candidates to be
redesigned in further versions of this genotyping platform. As an example, the NNRTI resis-
tance-related probe Y181 (with an overlap between its positive and negative curves of 13.5%,
see Figure G in S1 File) showed a high proportion of FN signals with samples from the training
set. By discarding this probe in the analysis, the percentage of correctly classified spots would
increase from 93.33% to 97.21% (remaining 1.77% of FP, 0.75% of FN and 0.26% of UD) and
the overall performance of the genotyping microarray in the RT region would not significantly
change (89.50% of correct, 6.56% of FP, 2.28% of FN and 1.65% of UD spots). In turn, seven of
the probes that were discarded during the filtering protocol are relevant in the field of HIV-1
drug resistance and should be redesigned and tested for their inclusion in a further version of
the microarray: M36-PR, A71PR-2, L90a-PR, K101-3, V179-2, L210-3 and K219. Moreover,
new variants of some of the queried codons (e.g., 48-PR, 54-PR, 82-PR, 74, 75, 77, 103, 106,
179, 181, 190 and 219), as well as wild type and mutant probes for codons not included yet
(e.g., 32-PR, 47-PR, 58-PR, 74-PR, 76-PR, 83-PR, 88-PR, 43, 98, 115, 138, 221 and 227), must
be considered in the near future for increasing the clinical usefulness of the open platform pro-
vided by this genotyping microarray. Among the later, further versions of the microarray
should include additional resistance mutations against new generation of PIs, in particular,
mutations at PR codons 47 and 76 that confer resistance to Lopinavir and Darunavir [7]
(Table D in S1 File). Tipranavir-associated resistance mutations could also be considered,
though they are less relevant due to the limited use of this antiviral drug in clinical practice. In
turn, integrase inhibitor resistance mutations associated with virological failure [7] should be
included in further versions of the genotyping microarray, by selecting the corresponding
codons along the IN region of the HIV-1 pol gene. Also, a panel of relevant resistance muta-
tions corresponding to non-B subtype HIV-1 strains could be considered, thus improving the
clinical applicability of this genotyping platform. Finally, the overall performance of the pre-
hybridization steps should be further optimized to increase the PCR-based amplification effi-
ciency for samples showing viral loads lower than 104 HIV-1 RNA copies/ml.
In the current situation of antiretroviral treatment, emergence of HIV-1 drug resistance has
strongly decreased in developed countries due to the potency of the new generation of drugs
[6,7]. Also, easier treatment administration, lower toxicity and reduced side-effects result in an
overall better adherence to combined antiretroviral therapies [66]. However, testing the poten-
tial drug resistance to the administered antiretroviral regimen is mandatory in case of viral
load rebound [67]. Another situation in which resistance testing should be always performed
corresponds to naïve patients before starting antiretroviral treatment. Although transmission
of resistant HIV-1 variants is highly variable depending on the countries analyzed, different
studies performed in Europe over the last decade suggest a relatively stable general prevalence
of 8% to 10% for the transmission of viruses that are resistant to at least one antiretroviral drug
[68–70]. Also, drug-resistant HIV-1 minority variants can be transmitted [71,72]. Of note,
transmission of viruses carrying resistance mutations against NNRTIs is particularly relevant
due to its prevalence (from 2% to 5%) and the high resistance level conferred by single muta-
tions [73–75]. Transmission of PI resistance shows much lower prevalence (below 2%), while
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that of INI-resistance has only been communicated in isolated cases and has not been found in
systematic surveys in Europe so far [76]. In this scenario, the developed genotyping microarray
(in which drug resistance to both NRTIs and NNRTIs is detected with high sensitivity) would
be particularly useful as a novel screening assay to genotype naïve patients before starting anti-
retroviral treatments.
Conclusions
We have developed and tested an efficient, robust platform able to detect and quantify relevant
mutations and other genotypic rearrangements that confer drug- or multidrug-resistance to
NRTIs, NNRTIs and PIs, in both majority and minority (down to 5%) HIV-1 subpopulations.
The microarray has been designed as an open, flexible genotyping platform that can be
updated to include different spotted oligonucleotide probes containing newly detected codon
mutations, insertions or deletions involved in drug resistance. It allows the high-throughput
genotyping of up to 12 clinical samples in a working day, without requiring skilled technical
personnel along the experimental work-flow. The current protocol is adapted to the use of at
least two different types of microarray scanners to get the hybridization signals. The developed
bioinformatics algorithm provides a highly accurate profiling of filtered hybridization signals
of relevant majority and minority drug-resistance variants. Thus, this genotyping microarray
is proposed as an open and customizable platform useful for drug-resistance diagnosis and
prognosis in clinical practice focused on personalized antiretroviral therapies.
Supporting Information
S1 File. Figures A-L and Tables A-D.
(PDF)
Acknowledgments
The authors thank Noemı´ A´lvarez and Dr. Manuel Go´mez for preliminary analysis of the
hybridization data and comments on the manuscript, Ara´nzazu de Vicente for technical
assistance, as well as Drs. Ugo Bastolla, Jordi Go´mez and Josep Quer for fruitful discussions
on the dynamics of minority subpopulations in viral quasispecies. This article is dedicated to
the memory of our friend and colleague Dr. A´ngel Ramı´rez Ortiz.
Author Contributions
Conceptualization: ED CB.
Data curation: VM CP HGDS JLT DA CB.
Formal analysis: VM CP HGDS JA JLT DA ED CB.
Funding acquisition: JLT ED CB.
Investigation: VM CP HGDS VP MM JA JLT DA ED CB.
Methodology: VM CP MF-A PG MP VP MM JG-P JLT CB.
Project administration: JLT ED CB.
Resources: JA JLT DA ED CB.
Software: HGDS DA.
Supervision: JLT DA ED CB.
A Genotyping Microarray for the Characterization of HIV-1 Majority and Minority Subpopulations
PLOS ONE | DOI:10.1371/journal.pone.0166902 December 13, 2016 20 / 24
Validation: VM CP MF-A HGDS JG-P JA JLT DA ED CB.
Visualization: VM CP HGDS MM DA CB.
Writing – original draft: CB.
Writing – review & editing: VM CP HGDS JA ED CB.
References
1. Drake JW, Holland JJ. Mutation rates among RNA viruses. Proc Natl Acad Sci USA. 1999; 96: 13910–
13913. PMID: 10570172
2. Combe M, Sanjuan R. Variability in the mutation rates of RNA viruses. Future Virol. 2014; 9: 605–615.
3. Domingo E, Sheldon J, Perales C. Viral quasispecies evolution. Microbiol Mol Biol Rev. 2012; 76: 159–
216. doi: 10.1128/MMBR.05023-11 PMID: 22688811
4. Eigen M. On the nature of virus quasispecies. Trends Microbiol. 1996; 4: 216–218. doi: 10.1016/0966-
842X(96)20011-3 PMID: 8795155
5. Perales C, Iranzo J, Manrubia SC, Domingo E. The impact of quasispecies dynamics on the use of ther-
apeutics. Trends Microbiol. 2012; 20: 595–603. doi: 10.1016/j.tim.2012.08.010 PMID: 22989762
6. Tang MW, Shafer RW. HIV-1 Antiretroviral resistance: Scientific principles and clinical applications.
Drugs 2012; 72: e1–25.
7. Wensing AM, Calvez V, Gunthard HF, Johnson VA, Paredes R, et al. 2015 Update of the drug resis-
tance mutations in HIV-1. Top Antivir Med. 2015; 23: 132–141. PMID: 26713503
8. Lauring AS, Andino R. Quasispecies theory and the behavior of RNA viruses. PLoS Pathog. 2010; 6:
e1001005. doi: 10.1371/journal.ppat.1001005 PMID: 20661479
9. Ojosnegros S, Perales C, Mas A, Domingo E. Quasispecies as a matter of fact: Viruses and beyond.
Virus Res. 2011; 162: 203–215. doi: 10.1016/j.virusres.2011.09.018 PMID: 21945638
10. Ruiz-Jarabo CM, Arias A, Baranowski E, Escarmis C, Domingo E. Memory in viral quasispecies. J Virol.
2000; 74: 3543–3547. PMID: 10729128
11. Ruiz-Jarabo CM, Arias A, Molina-Paris C, Briones C, Baranowski E, et al. Duration and fitness depen-
dence of quasispecies memory. J Mol Biol. 2002; 315: 285–296. doi: 10.1006/jmbi.2001.5232 PMID:
11786012
12. Briones C, Domingo E, Molina-Paris C. Memory in retroviral quasispecies: Experimental evidence and
theoretical model for human immunodeficiency virus. J Mol Biol. 2003; 331: 213–229. PMID: 12875847
13. Briones C, de Vicente A, Molina-Paris C, Domingo E. Minority memory genomes can influence the evo-
lution of HIV-1 quasispecies in vivo. Gene 2006; 384: 129–138. doi: 10.1016/j.gene.2006.07.037 PMID:
17059869
14. Mayers D, Bethel J, Wainberg MA, Weislow O, Schnittman S, et al. Human immunodeficiency virus pro-
viral DNA from peripheral blood and lymph nodes demonstrates concordant resistance mutations to
zidovudine (codon 215) and didanosine (codon 74). J Infect Dis. 1998; 177: 1730–1733. PMID:
9607859
15. Quan Y, Liang C, Brenner BG, Wainberg MA. Multidrug-resistant variants of HIV type 1 (HIV-1) can
exist in cells as defective quasispecies and be rescued by superinfection with other defective HIV-1 vari-
ants. J Infect Dis. 2009; 200: 1479–1483. doi: 10.1086/606117 PMID: 19758098
16. Baldwin C, Berkhout B. HIV-1 drug-resistance and drug-dependence. Retrovirology 2007; 4: 78. doi:
10.1186/1742-4690-4-78 PMID: 17961213
17. Goodman DD, Zhou Y, Margot NA, McColl DJ, Zhong LJ, et al. Low level of the K103N HIV-1 above a
threshold is associated with virological failure in treatment-naive individuals undergoing efavirenz-con-
taining therapy. AIDS 2011; 25: 325–333. doi: 10.1097/QAD.0b013e3283427dcb PMID: 21157296
18. Johnson JA, Li JF, Wei X, Lipscomb J, Irlbeck D, et al. Minority HIV-1 drug resistance mutations are
present in antiretroviral treatment-naive populations and associate with reduced treatment efficacy.
PLoS Med. 2008; 5: 1112–1122.
19. Li JZ, Paredes R, Ribaudo HJ, Svarovskaia ES, Metzner KJ, et al. Low-frequency HIV-1 drug resistance
mutations and risk of NNRTI-based antiretroviral treatment failure. A systematic review and pooled
analysis. J Am Med Assoc. 2011; 305: 1327–1335.
20. Metzner KJ, Giulieri SG, Knoepfel SA, Rauch P, Burgisser P, et al. Minority quasispecies of drug-resis-
tant HIV-1 that lead to early therapy failure in treatment-naive and -adherent patients. Clin Infect Dis.
2009; 48: 239–247. doi: 10.1086/595703 PMID: 19086910
A Genotyping Microarray for the Characterization of HIV-1 Majority and Minority Subpopulations
PLOS ONE | DOI:10.1371/journal.pone.0166902 December 13, 2016 21 / 24
21. Paredes R, Lalama CM, Ribaudo HJ, Schackman BR, Shikuma C, et al. Pre-existing minority drug-
resistant HIV-1 variants, adherence, and risk of antiretroviral treatment failure. J Infect Dis. 2010; 201:
662–671. doi: 10.1086/650543 PMID: 20102271
22. Simen BB, Simons JF, Hullsiek KH, Novak RM, MacArthur RD, et al. Low-abundance drug-resistant
viral variants in chronically HIV-infected, antiretroviral treatment-naive patients significantly impact
treatment outcomes. J Infect Dis. 2009; 199: 693–701. doi: 10.1086/596736 PMID: 19210162
23. Gupta S, Lataillade M, Kyriakides TC, Chiarella J, St John EP, et al. Low-frequency NNRTI-resistant
HIV-1 variants and relationship to mutational load in antiretroviral-naive subjects. Viruses 2014; 6:
3428–3437. doi: 10.3390/v6093428 PMID: 25256391
24. Nishizawa M, Matsuda M, Hattori J, Shiino T, Matano T, et al. Longitudinal detection and persistence of
minority drug-resistant populations and their effect on salvage therapy. PLoS One 2015: 10: e0135941.
doi: 10.1371/journal.pone.0135941 PMID: 26360259
25. Zoufaly A, Jochum J, Hammerl R, Nassimi N, Raymond Y, et al. Virological failure after 1 year of first-
line ART is not associated with HIV minority drug resistance in rural Cameroon. J Antimicrob Che-
mother. 2015; 70: 922–925. doi: 10.1093/jac/dku470 PMID: 25428920
26. Metzner KJ, Rauch P, Braun P, Knechten H, Ehret R, et al. Prevalence of key resistance mutations
K65R, K103N, and M184V as minority HIV-1 variants in chronically HIV-1 infected, treatment-naive
patients. J Clin Virol. 2011; 50: 156–161. doi: 10.1016/j.jcv.2010.10.001 PMID: 21056001
27. Peuchant O, Thiebaut R, Capdepont S, Lavignolle-Aurillac V, Neau D, et al. Transmission of HIV-1
minority-resistant variants and response to first-line antiretroviral therapy. AIDS 2008; 22: 1417–1423.
doi: 10.1097/QAD.0b013e3283034953 PMID: 18614864
28. Briones C, Domingo E. Minority report: Hidden memory genomes in HIV-1 quasispecies and possible
clinical implications. AIDS Rev. 2008; 10: 93–109. PMID: 18615120
29. Li JZ, Paredes R, Ribaudo HJ, Kozal MJ, Svarovskaia ES, et al. Impact of minority nonnucleoside
reverse transcriptase inhibitor resistance mutations on resistance genotype after virologic failure. J
Infect Dis. 2013; 207: 893–897. doi: 10.1093/infdis/jis925 PMID: 23264671
30. Halvas EK, Wiegand A, Boltz VF, Kearney M, Nissley D, et al. Low frequency nonnucleoside reverse-
transcriptase inhibitor-resistant variants contribute to failure of efavirenz-containing regimens in treat-
ment-experienced patients. J Infect Dis. 2010; 201: 672–680. doi: 10.1086/650542 PMID: 20102272
31. Mohamed S, Penaranda G, Gonzalez D, Camus C, Khiri H, et al. Comparison of ultra-deep versus
Sanger sequencing detection of minority mutations on the HIV-1 drug resistance interpretations after
virological failure. AIDS 2014; 28: 1315–1324. doi: 10.1097/QAD.0000000000000267 PMID: 24698843
32. Beerenwinkel N, Gunthard HF, Roth V, Metzner KJ. Challenges and opportunities in estimating viral
genetic diversity from next-generation sequencing data. Front Microbiol. 2012; 3: 329. doi: 10.3389/
fmicb.2012.00329 PMID: 22973268
33. Le T, Chiarella J, Simen BB, Hanczaruk B, Egholm M, et al. Low-abundance HIV drug-resistant viral
variants in treatment-experienced persons correlate with historical antiretroviral use. PLoS One 2009;
4: e6079. doi: 10.1371/journal.pone.0006079 PMID: 19562031
34. Vandenhende MA, Bellecave P, Recordon-Pinson P, Reigadas S, Bidet Y, et al. Prevalence and evolu-
tion of low frequency HIV drug resistance mutations detected by ultra deep sequencing in patients
experiencing first line antiretroviral therapy failure. PLoS One 2014; 9: e86771. doi: 10.1371/journal.
pone.0086771 PMID: 24475178
35. Gibson RM, Schmotzer CL, Quinones-Mateu ME. Next-generation sequencing to help monitor patients
infected with HIV: Ready for clinical use? Curr Infect Dis Rep. 2014; 16: 401. doi: 10.1007/s11908-014-
0401-5 PMID: 24585216
36. Shao W, Boltz VF, Spindler JE, Kearney MF, Maldarelli F, et al. Analysis of 454 sequencing error rate,
error sources, and artifact recombination for detection of low-frequency drug resistance mutations in
HIV-1 DNA. Retrovirology 2013; 10: 18. doi: 10.1186/1742-4690-10-18 PMID: 23402264
37. Zagordi O, Klein R, Daumer M, Beerenwinkel N. Error correction of next-generation sequencing data
and reliable estimation of HIV quasispecies. Nucleic Acids Res. 2010; 38: 7400–7409. doi: 10.1093/nar/
gkq655 PMID: 20671025
38. Capobianchi MR, Giombini E, Rozera G. Next-generation sequencing technology in clinical virology.
Clin Microbiol Infect. 2013; 19: 15–22. doi: 10.1111/1469-0691.12056 PMID: 23279287
39. Li JZ, Kuritzkes DR. Clinical implications of HIV-1 minority variants. Clin Infect Dis. 2013; 56: 1667–
1674. doi: 10.1093/cid/cit125 PMID: 23446628
40. Gega A, Kozal MJ. New technology to detect low-level drug-resistant HIV variants. Future Virol. 2011;
6: 17–26.
A Genotyping Microarray for the Characterization of HIV-1 Majority and Minority Subpopulations
PLOS ONE | DOI:10.1371/journal.pone.0166902 December 13, 2016 22 / 24
41. Zhang GQ, Cai FP, Zhou ZY, Devos J, Wagar N, et al. Simultaneous detection of major drug resistance
mutations in the protease and reverse transcriptase genes for HIV-1 subtype C by use of a multiplex
allele-specific assay. J Microbiol. 2013; 51: 3666–3674.
42. Vahey M, Nau ME, Barrick S, Cooley JD, Sawyer R, et al. Performance of the Affymetrix GeneChip HIV
PRT 440 platform for antiretroviral drug resistance genotyping of human immunodeficiency virus type 1
clades and viral isolates with length polymorphisms. J Clin Microbiol. 1999; 37: 2533–2537. PMID:
10405396
43. Kozal MJ, Shah N, Shen NP, Yang R, Fucini R, et al. Extensive polymorphisms observed in HIV-1 clade
B protease gene using high-density oligonucleotide arrays. Nat Med. 1996; 2: 753–759. PMID:
8673920
44. Wilson JW, Bean P, Robins T, Graziano F, Persing DH. Comparative evaluation of three human immu-
nodeficiency virus genotyping systems: the HIV-GenotypR method, the HIV PRT GeneChip assay, and
the HIV-1 RT line probe assay. J Clin Microbiol. 2000; 38: 3022–3028. PMID: 10921971
45. Schanne M, Bodem J, Gerhold-Ay A, Jacob A, Fellenberg K, et al. Genotypic resistance testing in HIV
by arrayed primer extension. Anal Bioanal Chem. 2008; 391: 1661–1669. doi: 10.1007/s00216-007-
1775-0 PMID: 18202840
46. Masimba P, Gare J, Klimkait T, Tanner M, Felger I. Development of a simple microarray for genotyping
HIV-1 drug resistance mutations in the reverse transcriptase gene in rural Tanzania. Trop Med Int
Health. 2014; 19: 664–671. doi: 10.1111/tmi.12289 PMID: 24654946
47. Briones C, Mas A, Gomez-Mariano G, Altisent C, Menedez-Arias L, et al. Dynamics of dominance of a
dipeptide insertion in reverse transcriptase of HIV-1 from patients subjected to prolonged therapy. Virus
Res. 2000; 66: 13–26. PMID: 10653914
48. Mas A, Parera M, Briones C, Soriano V, Martinez MA, et al. Role of a dipeptide insertion between
codons 69 and 70 of HIV-1 reverse transcriptase in the mechanism of AZT resistance. EMBO J. 2000;
19: 5752–5761. doi: 10.1093/emboj/19.21.5752 PMID: 11060026
49. Cases-Gonzalez CE, Franco S, Martinez MA, Menendez-Arias L. Mutational patterns associated with
the 69 insertion complex in multi-drug-resistant HIV-1 reverse transcriptase that confer increased exci-
sion activity and high-level resistance to zidovudine. J Mol Biol. 2007; 365: 298–309. doi: 10.1016/j.jmb.
2006.09.073 PMID: 17070543
50. Matamoros T, Kim B, Menendez-Arias L. Mechanistic insights into the role of Val75 of HIV-1 reverse
transcriptase in misinsertion and mispair extension fidelity of DNA synthesis. J Mol Biol. 2008; 375:
1234–1248. doi: 10.1016/j.jmb.2007.11.021 PMID: 18155043
51. Martin V, Perales C, Abia D, Ortiz AR, Domingo E, et al. Microarray-based identification of antigenic var-
iants of foot-and-mouth disease virus: a bioinformatics quality assessment. BMC Genomics 2006; 7:
117. doi: 10.1186/1471-2164-7-117 PMID: 16709242
52. Fernandez N, Garcia-Sacristan A, Ramajo J, Briones C, Martinez-Salas E. Structural analysis provides
insights into the modular organization of picornavirus IRES. Virology 2011; 409: 251–261. doi: 10.1016/
j.virol.2010.10.013 PMID: 21056890
53. Romero-Lopez C, Barroso-DelJesus A, Garcia-Sacristan A, Briones C, Berzal-Herranz A. End-to-end
crosstalk within the hepatitis C virus genome mediates the conformational switch of the 3’X-tail region.
Nucleic Acids Res. 2014; 42: 567–582. doi: 10.1093/nar/gkt841 PMID: 24049069
54. Bolstad BM, Irizarry RA, Astrand M, Speed TP. A comparison of normalization methods for high density
oligonucleotide array data based on variance and bias. Bioinformatics 2003; 19: 185–193. PMID:
12538238
55. Forgy EW. Cluster analysis of multivariate data—Efficiency vs interpretability of classifications. Bio-
metrics 1965; 21: 768–769.
56. Kanungo T, Mount DM, Netanyahu NS, Piatko CD, Silverman R, et al. An efficient k-means clustering
algorithm: Analysis and implementation. IEEE Trans Pattern Anal Mach Intell. 2002; 24: 881–892.
57. MacKay D. An Example Inference Task: Clustering. In: Information theory, inference and learning algo-
rithms. Cambridge, UK: Cambridge University Press; 2003. pp. 284–292.
58. Grubbs FE. Sample criteria for testing outlying observations. Ann Math Stat. 1950; 21: 27–58.
59. Barnett V, Lewis T. Outliers in statistical data. 3rd ed. Hoboken, NJ: John Wiley & Sons, Inc; 1994.
60. Iglewicz B, Hoaglin DC. How to detect and handle outliers. Milwaukee, WI: American Society for Qual-
ity Control; 1993.
61. Martell M, Briones C, de Vicente A, Piron M, Esteban JI, et al. Structural analysis of hepatitis C RNA
genome using DNA microarrays. Nucleic Acids Res. 2004; 32: e90. doi: 10.1093/nar/gnh088 PMID:
15247323
A Genotyping Microarray for the Characterization of HIV-1 Majority and Minority Subpopulations
PLOS ONE | DOI:10.1371/journal.pone.0166902 December 13, 2016 23 / 24
62. Fernandez N, Fernandez-Miragall O, Ramajo J, Garcia-Sacristan A, Bellora N, et al. Structural basis for
the biological relevance of the invariant apical stem in IRES-mediated translation. Nucleic Acids Res.
2011; 39: 8572–8585. doi: 10.1093/nar/gkr560 PMID: 21742761
63. Romero-Lopez C, Barroso-delJesus A, Garcia-Sacristan A, Briones C, Berzal-Herranz A. The folding of
the hepatitis C virus internal ribosome entry site depends on the 3’ end of the viral genome. Nucleic
Acids Res. 2012; 40: 11697–11713. doi: 10.1093/nar/gks927 PMID: 23066110
64. Grant RM, Kuritzkes DR, Johnson VA, Mellors JW, Sullivan JL, et al. Accuracy of the TRUGENE HIV-1
genotyping kit. J Clin Microbiol. 2003; 41: 1586–1593. doi: 10.1128/JCM.41.4.1586-1593.2003 PMID:
12682149
65. Eshleman SH, Crutcher G, Petrauskene O, Kunstman K, Cunningham SP, et al. Sensitivity and speci-
ficity of the ViroSeq human immunodeficiency virus type 1 (HIV-1) genotyping system for detection of
HIV-1 drug resistance mutations by use of an ABI PRISM 3100 genetic analyzer. J Clin Microbiol. 2005;
43: 813–817. doi: 10.1128/JCM.43.2.813-817.2005 PMID: 15695685
66. Bolsewicz K, Debattista J, Vallely A, Whittaker A, Fitzgerald L. Factors associated with antiretroviral
treatment uptake and adherence: a review. Perspectives from Australia, Canada, and the United King-
dom. AIDS Care 2015; 27: 1429–1438. doi: 10.1080/09540121.2015.1114992 PMID: 26641139
67. Vandamme AM, Camacho RJ, Ceccherini-Silberstein F, de Luca A, Palmisano L, et al. European rec-
ommendations for the clinical use of HIV drug resistance testing: 2011 update. AIDS Rev. 2011; 13:
77–108. PMID: 21587341
68. Vercauteren J, Wensing AMJ, van de Vijver D, Albert J, Balotta C, et al. Transmission of drug-resistant
HIV-1 is stabilizing in Europe. J Infect Dis. 2009; 200: 1503–1508. doi: 10.1086/644505 PMID:
19835478
69. Hofstra LM, Sauvageot N, Albert J, Alexiev I, Garcia F, et al. Transmission of HIV drug resistance and
the predicted effect on current first-line regimens in Europe. Clin Infect Dis. 2016; 62: 655–663. doi: 10.
1093/cid/civ963 PMID: 26620652
70. Frentz D, Van de Vijver D, Abecasis AB, Albert J, Hamouda O, et al. Increase in transmitted resistance
to non-nucleoside reverse transcriptase inhibitors among newly diagnosed HIV-1 infections in Europe.
BMC Infect Dis. 2014; 14: 407. doi: 10.1186/1471-2334-14-407 PMID: 25047543
71. Samuel R, Paredes R, Parboosing R, Moodley P, Gordon M. Minority HIV-1 drug-resistant mutations
and prevention of mother-to-child transmission: Perspectives for resource-limited countries. AIDS Rev.
2014; 16: 187–198. PMID: 25300623
72. Metzner KJ, Scherrer AU, Preiswerk B, Joos B, von Wyl V, et al. Origin of minority drug-resistant HIV-1
variants in primary HIV-1 infection. J Infect Dis. 2013; 208: 1102–1112. doi: 10.1093/infdis/jit310 PMID:
23847055
73. Chaix ML, Descamps D, Wirden M, Bocket L, Delaugerre C, et al. Stable frequency of HIV-1 transmitted
drug resistance in patients at the time of primary infection over 1996–2006 in France. AIDS 2009; 23:
717–724. doi: 10.1097/QAD.0b013e328326ca77 PMID: 19279445
74. Rhee SY, Blanco JL, Jordan MR, Taylor J, Lemey P, et al. Geographic and temporal trends in the
molecular epidemiology and genetic mechanisms of transmitted HIV-1 drug resistance: An individual-
patient- and sequence-level meta-analysis. PLoS Med. 2015; 12: e1001810. doi: 10.1371/journal.
pmed.1001810 PMID: 25849352
75. Monge S, Guillot V, Alvarez M, Chueca N, Stella N, et al. Clinically relevant transmitted drug resistance
to first line antiretroviral drugs and implications for recommendations. PLoS One 2014; 9: e90710. doi:
10.1371/journal.pone.0090710 PMID: 24637804
76. Casadella M, van Ham PM, Noguera-Julian M, van Kessel A, Pou C, et al. Primary resistance to inte-
grase strand-transfer inhibitors in Europe. J Antimicrob Chemother. 2015; 70: 2885–2888. doi: 10.1093/
jac/dkv202 PMID: 26188038
A Genotyping Microarray for the Characterization of HIV-1 Majority and Minority Subpopulations
PLOS ONE | DOI:10.1371/journal.pone.0166902 December 13, 2016 24 / 24
